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A 1 ;Erob‘ Aﬁﬁq

A7 388 fo it

TALwE | R L & 1956 # < Dartmouth Conference ¢ - d
gy 2 — 1 )ohn McCarthy AE R o FRFAL AT EL P
S H# s ~F 9Ty > w3 Reasoning ~ Natural Language Processing - Expert
Systems % o p j&_Claude E. Shannon #1950 & #% &1 * 7 #5157 {42 ;% e
A0 F17 1997 & > T 'aA2iN i E(Deep Blue)#i 2k & X4t B 43 + #rbajz %

(Garry Kasparov) » ¥ =7 4 1 %F%mé»i& o & A2 EP > Alan Turing

STALHFE  2E - BPAPPE I ELRKS T RS A A A 42 5
WEBAGEREA BRI R A REA R EKHR T LA % A A
VRS A SRt B R PR T R AT THE o SHRR 2T LFE L

e Turing’s Test = % 1990 # » Hugh Loebner #- Turing’s Test ez 4 £ 48 i =
Loebner Prize > Q«Iﬁﬁ%i SimE ERE S TG A CATHHES o RA > R
AL EER 0 7 FL A FORLEAR T k) THRAILE £ TR
gy 4 o KA EE T, & TorE ) a2 NI RF A PRS- 3 L &
WA AR L W B B FEOHOR A e BB st o @ 8 R
P LR T RNB RN H A BB MERE RFAR AT R LG ED
FIRER M oo BEA TR R T Y —“ﬁ‘% PRI T e A Ppen L 5N
Kppicr g o AHTHRE LT B 0@ T BESY
(Machine Learning) ~ ¥ #% 4 # (Data Mining) ~ ™ % 47 £ 3] X 32 4 (Intelligent
Agents) & F AR e # > (T HREF I T ABEATRE R EF A1 FE D
el R e

TR A AP EARE Y ch < 3 Af % 1 Machine Learning and Data
Mining -~ Intelligent Agents ~ Al on the Web and in the Cloud ~ Social Network and
Graph Mining ~ Al and Games ~ Emerging Al Technologies for Multidisciplinary
Studies » 4 B3k & I F AT 2 A ATREE S BIP HER IR R R 2 AR 4
VR F MR LR AR 2 BAER AT T A - AT 7 A L)
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PAFAIFEFT LR PN EEL I FEFS L P BT EE R AR
FrBEE BT vt - e B RS R T g
BB P RELEY 0 3 FREARPF TR TS E R AL LIRS
ERREYTN c REFLZ TR RAL AR P R F Y

WEiEHe - BRI B P ARFELTFLNT B2 e GEAF AR

By ofen BARMOFE FARE S 2ROy L 82 k- inEy 8 05
—ﬁ&r-g‘—rmﬁk;g °

E83 AT -~ BEEY & TR (Machine

Learning and Data Mining)

ERL R SR

BEEVATREL LGE b2 i 53 e 4P AL E TR i
Ml R R EF BV s 2 UFEI ARG A RE G PR AL d *‘*:;
7\’9! s »N*‘H”;Vv\’f‘rfiﬁ P EFHOE REBH AP EFT Y S FTHFERFE
% & & 6|4 Structure Predlctlon ~ Adaptive and Online Learning ~ Stream
Mining ~ Kernel Methods ~ Graphical Models ~ Soft Computing % 1 %43 " * 48 -
aﬁ%%%ﬂﬁAfawLﬁ;%%%*@%’mw4fAm‘p»$ AT
]’]Tl/;gkg]vﬁr =S ,u@“’ D ,i%ﬁnz ~ T4 ;Lﬂ\@“pé NECE ﬂ A <} ‘ﬁgg/\ kk"g
TRl E 0 OB o P e EFY 0 0 A Ao AR MR TR
oo p B ER R 2 Ric(Attribute) 22 F B R FONH ¢ R o A TR
WS G RURT €0 R TR F R B2 R BB TR N e e
o MFAE AF S LR DFEF I E 0 4o ICML -~ NIPS ~ COLT ~ UAI ~ KDD -
ECML/PKDD -~ SDM ~ ICDM % > 355 3#F 5 W% - 7 § g+ F82 o A ZEY E
Ao B F ALY IS S R T T SRR
LIBSVM B # W% & i¢ * ; 2008 2 2010 # » « F 1 B[} & KDDCUP st @ >
BRES - LR R AR ST B RS PR e e EFE
AR A T3 A ST RERSHUT B o X A GFEREER -

Bp g BRI

PR S BEY  FRER L AR 5 0 ¢ F SR B SR



B QA F A8 3aiFE o od9 e 7 e £ (Support Vector
Machine) ~ # = £ % 482X 2> (Machine Learning Software Design) ~ 4k 8 F
#L 4% #4 (Knowledge Discovery and Data Mining) ~ f #X3% 2 &J2 (Natural Language
Processing) ~ A+ % 4 g 4 37 (Social Network Analysis) % o R *t ¥ Z e BH ¥ &2
FTHEBOBEe IR RAEFRAFFA T L P E Y (Never Ending
Learning) ~ =+ *% 3% i%(Brain Image) ~ & 7 ?ri%;:‘#*(Educational Data Mining) & %
% :k 32 < Machine Learning Department ; % R4p 5o % < 8 F A B BE Y cht
?L%}ﬁ ®H ¥ 7 % % (Statistical Machine Learning Group) ; % B4 =1 § [ j ¥
1HERYFT AT AFE 2 A 1 HEF % % (Computer Science and Avrtificial
Intelligence Laboratory) CERY LA ERIAIFERFERY > & 5 ok
Zu(Knowledge System) ~ % B & % & % = 4 & (Machine Learning and Robotics) -
B #X 3% % /22 (Natural Language Processing) ~ % & 32 4 % 2t (Multi-agent System)
Eenx 1 EF % % (Al Laboratory) - ! B R A & 34 PASCAL 2(Pattern
Analysis, Statistical Modeling and Computational Learning) & f* % B 44 £ 3] 4 &
(Intelligent Interface) - ;@K&mfr % tv(Adaptive Cognitive System)zn ERE R =
T AREe 7 < 'E T % 4 » (Brain Computer Interface) ~ p #X 3% 3 &2 (Natural
Language Processing) ~ 7 2t #£2~(Information Retrieval) % - Google/Yahoo!/Micro-
soft # « 3| ep 2 P ¥ 7; FIWEEY B TREBOER AT B AT L
i EAIFEE TR ;J%“Hj’ (Artificial Intelligence and Data Mining) ~ # % £ ¥
(Machine Learning) ~ p X3 % A3 (Natural Language Processing) s #% % « &
(Robotics) & -

& 8B 2 88

BWEFVYEFTHEFELTE AR AP DT L LT FE 2 2 (Ensemble
Methods) ~ 3 52 ;\ & ¥ (Reinforcement Learning) ~ " 4 f#(Matrix Factorization) ~
* & 8 ¥ (Deep Learning) ~ *%# r¢ ;* (Dimensionality Reduction) -~ & # ;2
(Clustering) ~ & & /& ;% & % (Semi-supervised Learning) ~ & + & 3 (Online
Learning) ~ i # ;% & ¥ (Active Learning) & - %.i7# :n KDDCUP i = & iF 5@ »
Ay i@ % Ensemble Methods; @ H 5 4 3ER] A AP RS € ICML ¢
F Wb e g AR P W ”Tﬁﬂmﬁ G e "R3s2REE A’f’*"—’"“
HE G ooeF B Y 32 p G s A f#(Matrix Factorization) ~ & F# 2
(Dimensionality Reduction) ~ 41} % % (Online Learning) & » izt = 2 ¥ 3 4 §

e d > T A 4 m%‘i" ¥k o 3% 38§ ¥ (Reinforcement Learning) B % £

oy

® 4 F(Robotics)ip iz & o iz i i jEy w2 RARR PR 4 53 LR H
#”ﬁp L0 A "‘)wr.ﬂ;g-: X R R Rk i 0 nb:r&p;ggﬁe
- { BB -



M 4R 5 3

BEEY >0

@ LB N FE - RBAE -REEHYUBBEY FEE -~ T (7048
=& 3 % 5 % (Very High Performance Machine Learning Algorithms
for Large Data Size, Very High Dimensional and Very Large Number of
Classes)

® M2 AREYIFY nline and Active Learning Algorithms)

® i ¥ &Y %% 2 (Adaptive and Transfer Learning Algorithms)

® & T EY -~ A2 (Unsupervised Learning, Semi-supervised
Learning, Clustering Algorithms)

® T &g B2 &Y (Information Fusion and Ensemble Learning)

TR S G

O PRFTEOFTHFR BT RGRE HY I BRI TR
L C

® iz »uic #FHciE = % (Eigenvalue Methods): # £ & 4 fi#(Singular
Value Decomposition) » i & =~ i# 4 45 (Principal Component
Analysis) ~ i = = i & 47 (Independent Component Analysis) i & ;= %

EmFE > w

® R E Yk B haIlihg a‘p # - 3] (Exponential Models) ~

Boosting i# &2 ~ 102 % #f S f‘_ # (Support Vector Machines)#i¢ #*

e7% I #ie(Kernel Functions)

EREY RN 2 R GRF J(Reductlon)

B EHY PR AF T MBRNIERFEHE Y F # 2 (Learning

#(0
& (

® i 5 ;\ § ¥ (Reinforcement Learning)

® z»p a4 7 4 & (Neural Networks)

® ik £ fir(Knowledge Representation)

® ik i ¥i(Fuzzy Systems)

® 4 Vi & x (Biological-inspired Intelligent System)

B AR R

® I 7k tuz HP|;NE Y (Expert Systems for Rule Learning)
©® F¥ S Hep & (Heuristic Search in Small Artificial Domains)



® | FHE(eF Lk aR 2 £ 1000 K )L % 58 > ;% (Learning
Classifiers from Small Data Sets)

® 37 5 A AR =2 #F 4 2 (Mining Frequent Association Rules from
Data)

® - & Fuzzy/GA/NN z J&* (Applications of Classical Fuzzy/GA/NN)

T34 - S FFEFI A m Ak 3i(Intelligent Agents)
ERL R SR

EF Ak si(intelligent Agents) & — [ A7 0 g B Peig chF AR > B
FEEF R Ao NI A et b FF A P AR R AR R R bl E
AT AP L RRRERY A TR ARG A AT A
ARG E o 5 I AP A 1 £ TF S kR AR Ky e E A
FREF AL -RASEY - BFEIURZAApE - BEM» B rms
A58 - BALFE - Bw- BAEA AL i - il 2 3 ’fﬁ T
BP LR E R AR F REREE  B A R A
AR TAFEANEA Y SRR A RT A G RIEA L RE
(Agent-based System Development) ~ 32 £ % 28 3 (Agent Learning) S RIE A G
# (Agent Reasoning) ~ i 32 4 & i¥(Agent Cooperation) ~ 32 4 JZ 35 ~ #C74] &2 3¢ 4
(Agent Theories, Models, and Architectures) ~ 72 4 4+ # (Agent SOC|et|es) NRRELAES
& i (Agent Communication) ~ i 7@ 2 # (Economic Paradigm) ~ & 32 4 iC4%
(Agent-based Simulations) # o A& 4] R I A Af 3 ¢ £ X DR EF I § AAMAS
#2010 # 2 3 ¢ 2 30 B Workshop » 24 ez B 7 L — 17 o

BIp g BRI

AN

AN\

Rp AL FEAAEA CBGEAHERS 3 S35 ELd
K P FIRTACF R RARESTE N f %3 i
BETREAEADTEF REAAEIHGETFL P EAF - Sa 4 &
4P BB AAERI S R A kLA o WAL BRI F o
BN X BGEE R A 5 R3m 4k seh Milind Tambe #c3BIFR ~ FY < B eh
Victor Lesser B ~ % & 13+ & v Mike Wellman #23 % 32 A 5 -3 Hcd) &
Edmond Durfee 7 % 32 % 2.4 (Multi- agent Planning)#jtr» @& 7 f2~F p A %
< &5 KatiaSycara = g 243 % 1™ 4k ti(Multi-agent System) = £ 4] &
@ 4+ §F % (Intelligent Software Agents Lab) - ®* & f &<~ 5.+ 3 0 Liz
Sonenberg & F A E A A A F % F AL M R A AR5 S (Agent


http://www.agentlab.unimelb.edu.au/languages.html

Programming Languages) 2 & 32 % ¥ » 2 3t 48 1 4% (Agent-oriented Software
Engineering) 5 i o &M o & W3 B ¥ 32+ & g7Nick Jennings 14 £ 72 A4 #2533
B R A S E < & g Mike Woodridge 14 BDIl BB R I2 4 5 8 & v b F
S - R A ] (Argument—based Negotiation) & 12 4 #- %z (Agent-based
Simulations) ~ i fF & 4% 71 % ~ & & Frank Dignum R4k € $ 2% {7 5 ( Social
Norms) £ 32 & ‘v 2 (Agent Organization) & £ o 5 3235 = 6 "4 d 5] % B fF
~ & &1 Sarit Kraus =083 B A5 = £* 2 (Coalition Formation Problems) ~ # & & & #
2 TR % #re e Tuomas Sandholm #1747 § ek -2 2 p A4 W< &
Yokoo Mokoto 7 Vickrey—Clarke-Groves(VCG)4p § ¢ T it % & & o7 §
(False-name-proof Bid)#%#] % - i'rz AAPF THmFT ] o et B RT S R4
IHMC Jeff. Bradshaw 74 # 3 fn.vi’ % & 13 H. Van Dyke Parunak 15 32 4 2 5%
FERE ni%&@wwpﬂg+wi¢$MA—4*&$§”wwmpﬂﬂ
12 j%_ Peter Stone ¥ Manuela Veloso 22 Sandip Sen ¥ A 2 BT 7 T fE e ATiER =
g e 3R T A R E S 6 2010 E F RCRIR Byes TAED "
BARHFREHE ) o P EAN TR o & 2011 & AAMAS B3t g 4 b
BRI # 7% o

2 7B 2 8y

FEARIEA dRF -3 ApE > Hire a7 4 i E 25 TE
AR A B T IR S L0 —LEHJHUEJJ <‘fu'm1‘$r§ 1k
By 3 — T %o e E 0 H A I h e 3R h2F § P o ﬂ@;&f&?{i
b%z*‘féﬂ# 1+ (Rational) 4] & £ TE'—_I::‘_( ik g )T N IZ A 2 JgI@ e S
17 5 A4 o ¥ 5 N2 L gl 4- K (Group Decision) ¥ B B2 25 = (Coalition
Formation) eivé> 4% &7 4% 41 5 % zggtg TR RS AL BB
B ehIZsm 2 g‘mﬁ ABRE AL e NI A T L AcR X Pl AL BT TR nﬁig 2852
FaRgEn g2 gt I feo o i RGN TRE PR DBrE R TRy dF 2
BigfE oo bt LB BmE T N R e BHAK Aol I‘fiﬁ‘ff 3R
CRERBAIAIE BHTEGHIAEAIHT LR L AT AR NER
M AEMRAL o A% 22 Ak t(Multi-agent Systems) ¥ dF %] ap A A A 4
B édira Ry T e ¢ 078 ﬁ%;ﬁ (Negotiation and
Argumentation) ~ & iFFE L T e 12 B S 4] A ﬁ&rﬂ« o~ 5 ORI A R
(Multi-agent-based Simulation) o FNIB A KL WU *v.“’]rs_a};"gm;fﬁi‘?h”:& KAk €
4 LEBRD F AR L T R Ry SR S LIRS~ R
?wﬁ,ﬁo; o (NIE AW »Esﬁvi,ﬁﬁvg}_t , 1:3_,};&@ SN % BT 8l TR o K
o A2 dwmiich  BEERIERAF I FRGRE L T FGUR
L @i P BRI AL TSR A RARR L TS PSR MRS R e
T A IR F A L ARSI Bt o

=

P f
2

&,
G
0y


http://www.agentlab.unimelb.edu.au/aose.html
http://www.agentlab.unimelb.edu.au/aose.html
http://www.cs.cmu.edu/~mmv

§ONATEEA| R TE Ak et dp g Rl T R T P
CkEo BED - BRIRCSPIMEO AT X
LAY MG ARF AR E R TR o A RS
g 4] :xzﬂwmmwﬁ@m EETRER

FEA s .?f-‘.»}i s (R B o

&R 3 3

5 I A 5 3¢ & Y (Multi-agent Reinforcement Learning)

% N IE A i 22 43 (Multi-agent Communication and Coordination)

¥ 2 ikt 1 72 £ (Believable Virtual Agents for Entertainment Games)

PRI A Y AT 8 % (Multi-agent Learning and Learning

from Agent-human Interactions)

I & e 47 3% 22 5088 1 42 (Agent Oriented Programming and

Software Engineering)

® < R R G RIZA k Kdrad € ficki(Large Scale Multi-agent Systems and
Social Simulation)

® 7 i & s & L& v s 4] (Multi-agent Competitive and Cooperation)

® 7 B A ¢ R 52 1834 (Agent Reasoning about Social Norms) £ 3+ & e
% & (Computational Organization)

® f g8 & Ak € iF % 1@ 4 (Collective Decision and Social Choice
Theories)

® HiE NIT A2 At €3 5 (Affection and Social Computing for
Believable Agents)

® ;% & f82; (Formal Ontology)

[\

- P

® L322z p ;N3] ¢ 7 45 (Formal Models of Agency and Architecture)

I A3k 2 fickk (Artificial Social Systems and Simulation)

® L ixx ¥ a4 HiAl 2 4] (Trust and Reputation Models and
Mechanisms)

® T it HE 4K *L(Electronlc Markets and Mechanism Design)

® £ iTgr2b g %3¢ F 5 323 (Cooperative and Non-cooperative Game
Theory)

® R A ML SIS 75 2% (Speech Act) ~ fiEhA
(Argumentation) ~ 7 (Negotiation) 2 3¢ i i ¥ (Bargaining) % -

[ ]
~



@ N iNIZ A 2 PRI 2 4 3t B (Agent-based Service-oriented and
Grid Computing)

©HE SRR

® H - NIT A2 Jaimi;it

H- A2 BYRARBAEY

® i@ A HE i ¥ &% (Negotiation) ¥ i i3 5 € (Communication
Protocol)

® 3 ﬂﬂ&;}ﬁ%ﬁﬁﬂ@%

i % 7A@ A T 5 (Simple Mobile Computing Platform)

® i ° g R pdF TR 2 & Ao (Ontology)

ERIAS: - FENXRTRREEZHF Y (Alon
the Web and in the Cloud)
ER R S

> 2k F 3 (World Wide Web) Z & 4 4 X fr it = ﬁv?ﬁ TR miEBT L

T m*;«; CJRAFE R 2 ETRARAIZE AR Y 5 FIL A8 FROFAAITA 0
TR TSN B AT G N R ATﬁ%#ﬁ“ﬁ’mﬁ AL 0 Tt Web
e 4 ‘%7&‘» O’Leary *j & * 1A AR LR TR P FTF Y & Web o0
M & % #2~(Web Retrieval & Information Extraction) ~ F #L4% #+ (Web Mining) -

% Web g% (Web Economics)¥ & B A& & > B* 7 MEIAPF R - 1T ,T%LEE
'I}ﬁ] GoA B 4T o

T+ % (Web Retrieval) #_i¢ * ﬁ R e A AR ",f OB SeE T HE
ALHOE W R OF L REF ES L Web TR Y K F kA A2 AT
JR3% > @ gl g * A7 % ch 3 B~ (Information Extractlon)iiﬁm P ER Y

BB A a0 % o HaE 3 A A v 2 4 3 (Text Classification) ~ 4&.%% 4 47 (Link
Analysis) » 3|3 4 et B & ¥ (Learning to Rank) ~ 2 4% 4 47 (Topic Analysis) ~ 4

Z 1% 4 (Name Disambiguation) ~ 3= 4t st S 1 (Address Standardization) @ I v
;Ffip iV };1“ ret '\ﬁk\ﬂ?%‘;’ A L g A

I ERE o ] (Web Mining) 4y e A_j& % T 0 % (Web Content) ~ 3 7 5 4 (Web
Structure) ~ =k 4%(Web Logs) ~ & * X %ﬂr; (User Tags) & # e A j F L >



fme&ﬁa,@~ﬁﬁ$?&%\%iﬁ§agﬁﬁym@?mﬁﬁ%om
heWeb 2.0 fexbd B 5 @ % F 2 2 R % (Blog Posts) ~ %4t (Tags) ~
B A (Wikipedia) 14 &3 3 2 T30 0B B $0F B 42 F 2o 4k (Search Query
Logs) ~ % F i J s &+(Browsing Logs) ¥ ¥5 &0 &0 i 5 38 * & 4 47 4t % o

- 2, 2+ 5 (Computational Advertising)¥? Web /74 (Web Economics) ] #_i7 # %
TR AT ) WREER Y FVRNL T PRET R TR Ao - B AT
FAEgesbani & jer iR e FIBEHR T F 0 4o -5 Web Marketing 7 -9
R % % © (Advertisers) &2 3 & * it & £ }hé« ¥ % (Web Publisher) - & i & if
Srit S U S SRUE SRR T 9IRS RV B AR SR
FI G R AR Web gARE aw g 4 %\o

4y

#E A2 88 ¥ (Al in the Cloud / Intelligent Cloud Computing) » ¥ - 58 £ 5 %
BA PP TS VIR AP EE G RRFLTRAAREE CFRENEA
SR EHS TGRS R P AR B IR P o

2008 # » Google = #% 1 Tlintelligent Cloud | «0Z # > @ IBM 2 & { $& 1 T2
IR g r%r%f? JRA: | FPEL o Frcfe i 2010 £ 5 F 2 AR IRV E 2
HREEFE >R I5Ea s E o B2 > A2 g > LR
'*Fﬁfﬁaim% o HHIREFLDARPTE AP F LA L
AERER G A o don BAFE DR R A i 2 & ri%*ﬁfu’ﬁﬁﬁg—ﬁ’%@f]
2 A R AP o

=
B33
L

Fp b BRI

TE RPN G Y A BEAE T RREY D G T ML A T
2% WWW ~ SIGIR ~ WSDM ~ CIKM ~ KDD % 78 & "% € & © igd 78 & F%
kY 4 A BEFERRAOF H R RF AP 4 5 Az (Tutorial) - d H P ¥ R
BIAPM I ~ Foie s oo * PE B S e o ,rz'ri};ﬁ%;ﬁ BiT= E TR Bk
25 BIFE o

Yahoo! Research si7Ricardo Baeza-Yates ¥~ Rosie Jones = =# 3 4 A & SIGIR 2008
Wi | E# 3% (Web Mining for Search)ikAz » | % 7457 RRIEFIoR | R
727 %51 (Web Crawling and Indexing) ~ % 39 &2 22 £t & (Query Processing and
Ranking) ~ i * —F{ i & (User Interface) % 4p B 5 42 o ficdic 37 #'#7 7 e Daxin Jiang
£ Hang Lis =773 AR ~ frﬂ: i <@ %% F %~ % Jian Pei %&# & SIGIR 2010

oy o&F B e rdf b 2 e T A #ﬁB’»(Search and Browsing Log Mining
for Web Information Retrleval)/E:r Fig%\ iR Iy o i frﬁ"“#&*‘ M W
T o 2 WY AT ~ & a0 Eugene Aglchteln s R RRE € 3k AAAIL 2010

10



fr WWW 2010 4 w[3dideie d 30& 0 < &7 fm30F F 1%, v (Inferring
Searcher Intent):22 3t e B 7 = v i £ M > ¥ “} Yahoo! Research =7 Andrei
Broder ~ Evgeniy Gabrilovich ~ Vanja Josifovski = 4 # CIKM 2009 ~ IJCAI 2009 ~
SIGIR 2010 4- %t 4 4 3+ & (Computational Advertising) B & 4 % #fz > B E R £ 3+
EARMA L Rk E 2 ~ B o

TEKRFETFF AL Web S3RF o B > T %Y (Web Monetization)
BB MM 0 2 %A WWW - SIGIR ~ CIKM ~ WSDM & & % # >
» AR € 1 b4e NISS(National Institute of Statistical Sciences)*+ 2009 #
ByeEy - BB £33 Workshop - ACM # #%:1 Conference on Recommender
Systems- Electronic Commerce % g ER '*,f #t 2_ #F Workshop on Internet and Network

ECOﬂOITIICS(W'NE) Ejﬂr‘d’r‘l s ; mOAN s AL g§ ? &g:—gﬁ%[’gﬁq ch3T R
R T AT —ir?fjmdm PRFE RS o

w78 B2 A%

ﬁ%ﬂ‘]iﬁzﬁﬂn hAT-FA1IFEDRY 2 d ¥ R IR e 05 B B 4p
R IR - ﬁ?"]"}ml‘;;}:#\:f#/&,;@j\ﬁ S iRie A 1A E e B
PRFRED S EAS ARG RPN FoRES ZTAE S v il F
fo A E PN F AR Ao RPN F R BT REE G R
I EEE kB ¢t B F AL (4 Metadata ~ RDF ~ Wikipedia ~ ODP ~ Yahoo!Answer)fe
“£ 7KL (4 Text Anchors - Queries Clicks)enFzu » § s s £ 3510 4 4 ¢
ORGP H R E B e o

%ftaljﬁégﬁ’WebZOﬁ' RiE o RS R A FROTRLE NS PR S
L R EE AR REFR T Lo - BPMEIRRR IR L ALE L
R EHSIE 2 EF URERY FHE A SRS S T RS EFED FRR

f‘fT*‘*ﬁf% LRSS cFdem o? A 1FER FRFTHRB L LHFEL R

FER 0 v ASEBRALDPIRZ fe o

Y- 25 o BEEY R A (Learning to Rank) ek J1 2 8 & 38 BRI £ A4 1T
(Latent Semantic Analysis) #1] & & i it = & 3535 g * d 4186 - 7 1+ &
* 12 #8 1% 3+ (Maximum Likelihood Estimation) 2 P = ji iz (Bayesian Approach) % =
TV UERA R E AT B o L 4 3T & kg 3 5V F Y (Transfer Learning) 14 %
£ &~ #(Co-clustering) % F* 48 > A 1 FFE e F 2 BB 7 UFIL A B 4p
§TR

: )%% gk*“’ ;ﬁ . )%\ P4 b F 2 Bend ks F 4 RIE
2 2% LT F - RIS A A
2 7 b‘%*ﬁ p é; mﬁi 4 o _'?UL RA CF TR BT R 2 i 2



fiPRAE o Flpd R R R A MeET Y - BT R 24 ¢ (Ad Auction) ¥
mE R AT ER . ¥ b s E s B 5 (Video) ~ A% 4 i (Social
Media) ~ 12 2 + #(Mobile Devices) % » Z %h AR R £ ~FFMEFT R 2L 132
EIPRLZ2TRTEFT A oA TR 4 ‘% LR I 1=i R i S -
g P H R RAcR AT g AR T PIE R B B 2 E Bl g
7o
Bois o 28 - BATOPMA 0 v D R IF 2 e pi(Internet) ~ A ET50 %
.?fb(Distrlbuted Systems) ~ 4 23+ & (Grid Computing) & o & 4g 3 cn@ 4= iFie 4 d &
41);;,55 N a‘;’i’?‘F’“’i‘ N éw;?“\ti:* IR IS Z ﬁ,b%‘fﬁﬂn;ﬂ;? ~ g
iF ?ﬁa—pi LR FTEILATFE A S *Kﬁf"k'v“‘ R R o 2Rm oo A
P oL o od AP BRI £ F R S T fﬂ* ? (Parallel
Processmg)wﬁin Mo A AR ;‘Lﬁ(DIStrIbUtEd Computing)~ % % 3+ 3 (UquUItOUS
Computing) > ™ 3 P % enZ 23+ & (Cloud Computing) » v ® %3+ r)% PRI N
[RLNRl Jfﬁ‘%wj\ e LTt R ’”Eriﬂ g e gk é}&«.;a—g ,
PR EEY 2 THEEL A E AR A RSN T IR
€ R DIRF P~ pARFE D L~ (TH R (MobileWeb)F { 5 Tt &
EEI

:
k

Mt 3
# 5 & ¥ (Learning to Rank)
% B~ #7122 14 g (Intent Analysis and Detection)
& L 4F# & -5 4 47 (Opinion Mining and Sentiment Analysis)
4 39 3545~ +7(Query Log Analysis)
B EE Y 4 F B chip* (Machine Learning for Information
Extraction)
® BT RSN R opkenffP-{o i & (Extraction and Fusion of
Explicit and Implicit Knowledge from Heterogeneous Resources)
® 7 £ 3 & (Computational Advertising: Sponsored Search, Content Match,
Graphical Ads Delivery, Targeting)
® i@ 2 JEa8(New Advertising Media: Mobile Advertising,
Community Marketing and Social Advertising, Online Video
Advertising)
® i 2 iF in e H-7pp|(Advertisement Measurement and Market
Prediction)
® =T i5 (Cloud Evaluation)
Z = JR4% 5 5 (Cloud Quality of Service)
® 2 =45 # |7 43 (Business Intelligence in the Cloud)
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® I =3I E Al R 4é(Supply Chain Intelligence in the Cloud)

- AT B

® £ 3% (Opinion Retrieval, Person Name Search, Address Search)

® i ¢ 4 A8 FF 44 (Social Media Mining)

® ¥ A E ¥ 2 (Discovery of Wisdom of Crowds)

® iAo 47 B1A54E ¥4 (Link Analysis and Graph Mining)

® ji &« YL(Recommendation, Reputation and Trust Systems)

® T R A=t (Economics Aspects of Online Reviews,
Reputatlons and Ratings)

® i £ - 5 (Advertising Infrastructure: Tools, Platforms, Networks,

Exchanges, Automation, Audience Intelligence)
® 3 3 % (Ad Auction, Markets and Exchange)

ERIFAFEr . AFERER S FA; L g dA(Social

Network and Graph Mining)
BN A

A e g7 7 (Social Network Analysis) & 17 & & #78 Eié SHEAE FE
X ;j;fy‘,}_%zf«? LR A S Y J“]ﬁ”’ﬁ IR A ~*FT‘L%§;;;L‘§L o P
SR LI & R TR AL H‘%‘f?’\’»‘ PERLT

z @i?%‘f FoigEiodarng %;mm% PR R A rm;aa(s»x
Degree of Separation) 2 % &£ & 32 (Long Tail Theory) ¢ > # 5 & S 53 %
ABARREATE G g ARSI T E R F T R NP EE L 2 R EFAP
A s AR fmghrmﬁ SR IR o S NERES ) Sk *’M‘r e
KO %%s_muﬁt ¢ 45 1]+ 3057 & 423 (Community Detection) » /?5.* 2T 2 e e 3t
A %% ¢ (8 yf (Cascade Behavmr in Networks) 2 2 ot B £ £ F Fﬁé gEin g d
(Centrallty Theory) » H 3 B R85 #:3 2 endie/p|22 8 3 (Link Prediction) - @ B3
g 41 233 (Graph Learning and Mining) Pl E_27 3 i 43 B2, & (4 &3]
FTHAIEDS 2 > FARRY GAAFRE U E BERER T .

BTt - AB% > 178 E ACM & IEEE 4p B £ & € 3% > 4 SIGKDD -~ SIGIR >
ICML > ICDM & AR F pepiif 0 2 B F ¥ 2%k v 6~ 3 > & 2010 #
SIGKDD { 7 §)= A2 - (g k> SAAFRE L Z B FHPH - FF ACM
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2 IEEE A < BB F ¢+ B4R BBl ¥ers BApM g Hk o 4o
Advances in Social Network Analysis and Mining(ASONAM) ¥ IEEE Social
Computing(Social-Com) % ¢ 3% - ¥ — » & - IEEE v ACM - & 8 7|4 TKDD
*+ 2009 & 7 special issue “Social Computing, Behavioral Modeling, and
Prediction” » TIST ** 2010 # =7 special issue: “Computational Models of Collective
Intelligence in the Social Web” » #87 L1 & kAL RgAT T 2 £ £ 12 o

B ehg B

RpiTE ke 557 S BERLFERE O > RRRAAFEGR 2§ BHER @
2,80 wm B R Rt Au\’}fr:f-ﬁj’“;%c%\‘mb F AR KR F L RAE Y 2
4w HMM > CRF 8¢ gt g g 5 H 6 ARS8 4o p 2R35 5 o i#?;%x °
RPN e RS @%Wédibﬂ“*%Biewﬁkww* AR e B 2R
/§ VA B e 2 18 £ & SIGIR ~ SIGKDD ~ ICDM ~ ICML % - /5 R € 3%
P PE3F AR R e G Ae(Tutorial)s REF S o CRE &Y > p H ¢
Awﬁwrw«aﬁﬁ@%\ﬁwﬁ@wﬁ@eouﬁagﬁeﬁﬁﬁmwﬁﬁ

R RAI 4 ‘éﬁcﬁ_{_ = l;IJ °

AERLRIAUSHEREFAT T - Ko KIF R EEPAFRL? DT B
g2 mﬂtﬁf’&’ PR R ST E R A - ERRM T A AER
~ & Christos Faloutsos ##2 12 2 Hanghang Tong % I >t CIKM 2008 Tutorial #
FEAARVGES AL T LB BRAY (Large Graph Mining: Patterns, Tools
and Case Studies) o >t 323 A22 ¥ FH L AT R L h: W IR G U2 P
o TR NEBBEEYT B F G :rg;i g B R4 § enig 3 (Virus/Influence
Propagation) ~ 8 7% & % % 4 47(Blog AnaIyS|s) SR R 5 T LT A R
(eBay Fraud Detection) % -

g L i < & Jure Leskovec #4227 + 1 A £ 152 + & Christos Faloutsos #t#5:> WWW
2008 & /i fpagcAr Y 4R S ARG B FB B I S AR LR
2 ﬁéi B (Statistical Properties of Static and Evolving Networks) £ -7 =
(Model Generators) ~ 3| +7 B 25 ¢ 7 3 @ 4§ 3 % (Diffusion and Influence
Propagation) ~ B]#) arw}t/w\ f#(Graph Decomposition) ~ 12 % & & ficigic MSN  Instant
Messenger % ]#* 3 - 2009 & - Jure Leskovec ** ICML ¢ 3k ¥ :4eit 3 T —g\‘m e
Rz A2 o P FAREHI P EFV L VAFRREB DR B FE

2010 & » ¢ = @ % & Michael Mahoney éf’z;o%%? KDD 2010 ¢ & 4 5 3kA2® #3K
DA AAEE T RRREAFER 2 S 1 B (Geometric Tools for Graph Mining
of Large Social and Information Networks) PEALE E S Bh B B FERAAE TR

P =% A ﬁf—m/ﬁ ENPE R A I I
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BAMPFRLFLFIY SRR Y BRI AR G Y R
fﬂ?&ﬁ%ﬁ°¢?ﬁ«?éﬁﬁhhmmHM%#*ﬁﬁ?«?f%%
F Philip S. Yu 4 % 4 %2 KDD 2010 /1 5 3Az® L b 1 5 B FAEFREE f#h

%%‘r Jo ke B ARRANFEY ORRA BT R TRLELT A0 AT
P gt b P AT H 0 #3035 # & SIGMOD 2010 ¢ kAR TR
FORRIE Hh 20 TR B 4 47 > 72 (Mining Knowledge from Databases: An Information
Network Analysis Approach) » #-2 B 4 S35 8 fjwad » FALEfFH P o
FOgE Loty B G 4 2 @ % & o Dphne Koller B - 3% 4% 5 5% B B HC

](Probablllstlc Relational Model) > i % ' = + # ¢ David Jenson B Fj 4% J14% &1 42
PR AT F Lo ATE L BE AL

> =

2R # B2 P

RGP REHFLHTHREET L > RRELFTIFENFLERTERES
PR AT EABELELE DTS I EFE SR DM o R EFAIIRBT G
(Social Network Services)snd 2 i@ * » L f BT T2 &5 128 5 LR A2iE
MR FERFE S REENF T2 A v R AL - o2 BEATE
RFBFETAASLL AHFHEBATANER AL E B IR RFTR (U
Centrality Theory) ~ 4+%# i jp](Community Detection) ~ 82584 & 4% %3] ¥ (Social
Influence Model) & ;238 - — L B-PFR ~ S I M ZEF IR 2T 2B LR
T EREedt 23TH R R TR AFH TR 5 2ATP R - @ B34
M2 Y Fhagdiz o Tl Tt d ok d o B2 B2 F RN A
MEFREF 5 A RDFREARS ¢ fodo i fg L Brcnph 7 b & b2 fF ohjp
B e i B L R ol i SR e s D 8 2 e
ROUEY aFBFEian > g IFmyFLE ‘-”Tiz%\ °
B {6 0 AL 4 2 JRG%(Social Networking Service)= 5 7 — fié¢ * # A 2 FF 3L
(User-Generated Data) L 5 » Fgt > Mf TR HREARM G
AL JRIEFGF PN F (Content) p 22 @ R =2 G - fAA 2 B8 F A (Contextual
Information) » — 3% 3% 4o 3F T AL 14 P|(Special Community Detection) ~ 4 "2 i %
7 ;p](Link Prediction) ~ i 4 it j& & PR i%(Personalized Recommendation)s+ F]p %
Faensligm EE sk gk o Flt o deie K3 02 kg s B & i B (Link)
P % (Content) sk 3 25 e e 35 Hr > 0 R-F 32T RZAR R ehd B A2 — o

,‘tv'

=

M 4P 3

® itE R+ a3 F Y (Classification for Social Networks)
® IR+ T WM PFHATE @3 (Information Propagation on Social

15



Networks)

ZoEY ARE Y 2 &t (Cloud Computing on Graph Learning )
B @ AL g L 17 7 72 (Analyzing Heterogeneous Social Networks )
B2 % A2 £E 5% (Supervised Learning on Graphs)

B % A2 22 E B Y (Unsupervised Learning on Graphs )

~ A B A5 4F #5555 i 2% 2+ (Design of Large-scaled Mining Algorithm
for Online Social Network Analysis)

® i+ B 7% ¥g PI(Link Prediction in Social Networks)

gL ¥ 5 LR A +7(Resilience to Attack for Relationship Networks)

® b # AL ALE R 2 & 7 (Analysis on Online Dynamic Social
Networks)

® P if ;% ~ 47 (Social Cascade Analysis)

® L <[5 ¥ (Semi-supervised Graph Learning)

©® b L2 HE %k 7 $£ # (Frequent Pattern Mining for Online Social
Networks)

® B2 #-7| (Graphical Models)

CEEAR2ZFAT R

® i b epLit# 2 i p](Community Detection in Online Social
Networks)

® BHE LM L (Individual Importance Ranking on Networks)

® fp|:E R BAEL (7 5 (Outlier and Anomaly Detection for Social
Networks)

® [F TR b P it g 52 (Centrality Theory on Homogeneous
Networks )

® & et b e g i B (Link Prediction on Homogeneous Social
Networks )

® 5 v % %f % 3-(Markov Random Field)

® 5 7 R} 12 #-7] (Probability Relational Mode)
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LRI 4B T ~ 21 E g5 (Al and Games)
ERL R SR

T "5 (Computer Games) a4 1 E - E B FAE T £ R ehd d a;rt T HET N
#xpaets {8 DI JEEEAT WIFE R A I E SR B 2002 £ > Jonathan
Schaeffer & H. J. vanden Herik 3 2 T & /X4t 2 3> 4 2 & 4ok F iz >0 L 7] o
VERNT RS E A s GH AN A AR S AN HB A e i T
(Perfect Information) ~ t3* %1% ~ & ¢ % & o H 4 25585  15-puzzle ~ @:2&
(Sudoku) ~ Light-out % o @ A 258 £ = £ 33> 3 F S E 500 S S H B
%og&éﬁg%%w~ﬁ%\ﬁli&@ﬁéﬁoﬁ%é@y41?%1?{
ERHRA T RIREN TR R L RGBT AHFS -

& L H Sk p ma‘é%#kn AR R 3 2o 4
2B BRI ETEFHAIFEDL > Fa gk JpHESRA L F O

X 2

RhoF IR FLL Jb\“ﬁ%ﬂ%ﬁfﬁpi"ﬁrﬁii%ﬁ‘@%ﬁ‘r%l%ﬂ‘%
B RAFT LIRS EP ) B E > AR 2R ICCA F 9
K

Preful g0 @ bk o TR R 4T I st (Computer Olympiad) ¢ 7 428
20 fAXEEN o FE R H T A N A TR EC AQARAL Ry FF L 0 p o d Fi
AR T R Y 0 RS d A R :rm‘ﬂ AN E 0 RFER B D
19 BRI 6 > R4 DR G X G948 AF i HASRY P T EF RS2
%ﬁﬂ?%ﬁ4’kﬁié&l%%%ﬁ%ﬁ%mﬁJmﬂ?%°¢Fm*%
F o E AT AL S - Bk enrt 4 (Problem) » 4447 b RR AT 0 F e e iR
RF B2 o blded i d i &0 o-f 2 ¥ 49F ;2 (a-p Pruning Search) -
NegaScout % & /7 &/ X ad® ~ B4 P 5 Bl 7 5 + + BH0F 7 5 2 (Monte
Carlo Tree Search Algorithms) ~ 184 f2 11 2588 (4o @ Ep i ~ = 3 1B B)agEp
#d & (Proof Number Search) » 4ofe A d&F ¢ § i@ * T {7 & engljiv ~ 4oie 3
PR A e L IR LY S 0 HO R § R

ttﬁf‘ff};f}%"‘vﬁa’ IR P HRAED ’Zéf%h%go:@—i ;gug* 15puzzIeEV
24-puzzle 3 A EF T H % > B E :".75 A*:lﬁ B~ 25 F R E (Pattern
Database) o i7#F » 3 { % 7 A& cnRTi f“v &rﬁté&b(Sudoku) Light-out ~

Nonogram ~ Nurikabe % -

BS ARSI G 0 DR A SN - R R AR R A
Fenhd ooa FR ISR TSN R FSEN Y LTk d T B
IF A IR G AR KeE T SRR 0 X 2 R < IR g?}oﬁw
FOAW O EMRFENER o RFY AL o PRV HFTAER RN
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FARM BT TR o
Rp ehg BRI

BN I g 2pt a7 3 B Ak XL 55 & g g ot aF A ok ®
F? P AP TRAF TR DGR HFIREEG I FRE S TP
o AR B FR E'FF%* BEFRHE - F IR T R E ?’Iﬁ@}“? .
ii*%?Jki@fﬁpi dExEBEC R EAF TN A
B A BERE frﬁ*« Wirehi A SRR BE - EPPAE A ERF 2 8 iﬁL
RN eng B RREIRE cFP) AR S A A RF S R TR @l‘ﬂﬁéf 5
PP AT (MBHRE ) L8 (g k) o8
%4*§‘éé*§~i%*§~%%%§~ﬁ%«§‘mﬂﬁa«ggpw@
o Ay A RER] & 7 23Rk K 3 (Game Design) ~ #5 4% 441 (Game Control) ~ 41 + 2%
%2 2+ (Online Game Design) ~ 3D 2% % 3+ ~ 258 ;8 & ¥ (Learning in Games) ~ ¥%
B iZ - (Modeling) % 58 p o B ¥ L enlag 25 1 Bf4e™ 1 A FE L AR
2 #p B 3% Hpkr(Game Search) s 7 #& & 2. van den Herik 2042 B Ff ~ 40 £
< [@ i 935+ & 2. Schaeffer 32 B Fy 2 & F Hex £34% ¢ Ryan B. Hayward #c#%
B F5 ~ /£ 3 1 Monte Carlo Search # 3 z_;* & Oliver Teytaud % #: B Ff ~ 7k § =
8K E @ F T 7 e Yngvi Bjornsson B Fx ; A E R R T ahp A A R
A F e P2 JREEE AR RIS F ] 5L FREBES - T IRGRF
1 BRI i 4~ § o0 Pieter Spronck ¥ B r & o
VOB EAR v E AN T T R KA R SR AR e b odF § Rl AR
PR AR EFoE R T TrRIL k#% B 4 540 £ < 7 | 935+ & 2 Schaeffer
KBy o E ’Z RN £ «ﬁ-w Pt (Checkers)i* 28 (3 2 >0 28 8 7)) R
HA BRI B A FEIRAEE kg F i 3T HE R T REFEFGHK
o HORE FR iéﬂ?ﬁJﬁﬁk‘ﬁ@ﬂgﬁmnﬁﬁ‘%ﬁﬁﬂ*§$
R E B} AP RARTadsg i 48 o

& 8B 2 88

TERFABRALS? RAM G T A5 e 5+ + 2552 (Monte Carlo
Algorithm in Go) ~ Proof Number Search ~ 3 3 ;% & ¥’ (Reinforcement Learning) -

TEFEZEE R AEAHB ;L'ALT‘W;» P B E e B ICGA & & BT IR B 7%
er1Computer Game Conference 2 Conference on Advances in Computer Games # +
F SUER gk B EL AR PR /AR R - Ry AR R N R G S
LY 2B o g ¥ 2L AFERA o b4ed AP @ A A (Endgame
Problems in Chess and Chinese Chess) ~ A ¢ Bl 75 < @ i * (Graph History
Interaction) % © fe pF» § 3% 5 @18 B B OR KL o Gl4e p 5 1L Ao B- {7 (Automatic
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Knowledge Abstraction) ~ % % & ¥ £ ¥ & £3% (Machine Learning in Games) ~ #f £
A1 %8k si(Intelligent Tutoring System) » sz FF RTE2 2R 7 £ > (e $430 4 5 256
VB o AP AR AERALEL 2 T B AL o AR IREE D G TR IR PP ER
LE LG FE RS  fRAREF IR Al R ] - R Al & 7
FEGRERILE > ¢ 5 £ &3 3 -

M4 73

%+ + R30F /7 5 ;2 (Monte Carlo Tree Search Algorithms)
T {7 2530 F i & % (Parallel Search for Game Trees)
& 4 B 25 5% (Combinatorial Games)
s?r/*% RY3E 2 fi24 > 4of# Othello ~ fERI"Z P2 sk % -
B # b aeak B~ 17 (Automatic Knowledge Abstraction)
&% 5 UpF & (Use Time Wisely)
,ifi!gj 8 % %i(Intelligent Tutoring System)
L7 "% Y (3D Computer Games)

FzzF & #e(Heuristic Function)

% 4 2.2 £J2 (Handling Rules in Chinese Chess)
¢ B2 < T i¥* (Graph History Interaction)
& 42 # 5 (Move Ordering in Search)

A ;% & /% (Genetic Algorithms)

# #2558 (Puzzle Games)

&+ 2555 (Online Ggames)

& ¢ 457 (Role-playing Game Al)

T ¥ H e (Real-time Strategy Al)

¥ — A FL&HF 25K (First-person Shooter Al)

B AR R

Btk 0% 2 > 4o a-B Pruning ~ Nega Scout %

By s p AR BRI (2 AREP LE S %)
TOFHHEREAE (23 2 ERZFTHE)

R L ERN

fe A5 % (Transposition Table) ~ % ¥ *» # (Null-move Pruning) ~ & ¢

19



7 ¥ (History Pruning)

8348~ S Al AB4E 8 T2 ) * (Emerging Al

Technologies for Multidisciplinary Studies)
ERL R AU

i
puig
[
-
>_L
~
o

i:h
v

w R F S 7John McCarthy = L5 & «hT v =
15X D APE R A IIERRY LBk o P T A FABIWT] Sk 4

NF T LT e oendst o g 2 i 4 & Stanford Racing Team i 4 & % A

#0812 6 /] pF 53 & & 7 4% 131 B0 L i > JE {7 DARPA(Defense Advanced
Research Projects Agency) 2005 Grand Challenge = @ # £ g & - 27 IT 2 ¥
4 Google, Microsoft, 2 Yahoo!% & & &2 A 1 97 E ~ 33 FEL2 T E Sde
1 Computing 2 Mobile Interface F £ F =~ 257 o A T EHF g R I
4 3 L & ¥Eip| % (Remote Agent and Mars Exploration Rovers)e # v & Fi& i

£ W HXPFTR R T ERERF SN 22 A PEFTHAFVLEL 2 i
10 3F 5 AR B mp o PEFF 3 dem T 25T P FptE PR A IFE
Poenls BE Y 2 3 (Machine Learning) > il 3 opFE 2 2 0 2 R i {EA eafiR T

77 L E E PF ;EI-. Eoipfip AL P RY T EadjFi A LA EEE
7 - T[}},%zﬂ&f"ﬁ A BE A Ao B O AR B I e e q_ﬁ:a};t@ EROEE 2P -E P S WA
ﬁ%o?i&lﬁ"%@é Bt o Fibipy £ 8 e oo

Fp b BRI

GERTLOSREEE LA LFEFIF ARG AF RN DER R F R
F TR X DR A € 0 40 AAAL LICAL, NIPS, ICML, KDD, SIGIR, WWW,

AAMAS £ % > A 2 @ h G~ B cREEMRELARY 2F BE o A
KDDCup 2 BioCreative #tfFf&i¥ 5 = L o9t o B nF H &8 fh ik ht 14
EFX o FREPIRT 4 o KA o i R @O e
FFRAR R FrgE g FA T oo #BF A ER A L FEFAY ’,}_’ %;gf&g%:]grs
E2E /ﬁ?‘éimﬁ.é”/\wﬁg}”_ 1§J4R$”%‘?4iﬂ-ﬁluk 7 2

EN R I V) 1#1‘## ?mbﬁﬁ”h '»i”“«z’ﬁwf’%ﬂm‘l
TR A B R SR A SRR SRR

w03 B2 AR

LR G LRI T ARG i AR RS A a2 A EE
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ég°”‘lﬁ%#ﬁ%ﬁ%ﬁ%ﬁ§‘%%ﬁ%\%%%%i%aaW%’@
RRFFITLC A o LD T O TRenfd X AR LT BT & Bk @
Fo A RLTATER AP X S ME KBATE AT 3R /\|¢t4h=ﬁ IVE3
Lenz & o bl4e A 1 A7 E o F 4R ¥4 (Data Mining) # i+ 12 ?* WS TR A
o B ARRTICP A CHEBEFERDEY H I ST SFN MR R
TR M G TR PTRESRY ARG N BB A L T
A1 E a2 4 4 (Agent Planning), # 44| (Motion Planning)$: e+ 12
?*ﬁﬁﬁ%?%&%ﬂﬁlﬁoyﬂ,mgﬁrg B 58 e TRenfeE R AL
BB REEFE T TR Jﬁ@mag,wﬁpuﬁ%w?m\an
AP AR R AER BT EY CAlrBFRAY £ R b o i
£ T 17 T4 (Data Mining)ie » #7F LB 7 AR 9Tig & B T WA 4
TAERT 5 A B R BT TRk Sl 0 A
X B AP A T By TEFE LR EITRAZRZRA 2
R A LSS AATEA R 2 2 TR Bola s o b 4B
?ﬂ‘&*ﬁ%%iﬁﬁ*%4&#&%&y&“&?ﬁ?%%@ﬁ%ﬁi@%
et eng Foo 4% 4 19 E 7 Fr T de % (Al Uncertainty Reasoning) £2 % 32 4
£ & i* (Multi-agent Optimization) HiFie (7 PR E T RET AR T LR b 4 F T
FEEES -

5
]

L

-

REFRE R FFENE G 0SB TR AE LR Rk RS S
#%a*&ﬁmﬂ@ﬁ%ﬂ+ﬂ’aﬁﬁ%&#ﬁﬁkﬁ’f&$§ﬁﬁ$
CHFRE PR A AFER AP FE Y ) RN E P
@ﬁf%ﬁ%@’ﬁiémﬁwﬁﬁﬁ%W%iﬁﬁm 4%@%%“+
5iwmﬁ%ﬁﬁﬂﬁﬁﬁ RIG 55 RS chie - 2 B AR F AR
R lg e SR RGRCE Y i Ty S i

«

gv\v :\tt A’" )

\

U AR A I IFEAI R Y 2 X AR R R S - A 2 R R
LT AM REER CPERFATRERFITL 5 o MERP ST A
R ¥ A WATORLD > & AARFE Y~ FIEROR 48 FIM TR VRO
Bk o doit B £ chfRiz o R A F P RS BT B ETIE AT 6K
BRI ARA AR SR DAY MR > AR L H B A S

A R LRy A S R s AR SIEFE N
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By AR AL IR PR o N R AP ER B

PTG el o kR AT BT A ARG § AR RS R 0 4 B3 niE R o

AR REFT Y LR BT L AT (T BT By i REEE R
Bz ,%;mﬂ:a%gjé@ﬂ_rﬁé%%&»@ﬂ%ﬁ*1@¢®mﬁﬁﬂl

PR CER K LR C RERS LA G0 YRR ORM 12T
BRI R TR S HEMOERY 4 2 ARy BARR -
FPRNEAB IR - B BESETIR o ARLTESLEE & T
on T e A Y B TR A A aSRE ST REFREE O E
A2 FTAPEIREL AP RBEEE L TFS - AN A T AR A
IHEBEGR 2 Al RBARRB ORTR T £ o ARFIFR LS G e B
TE BBEFADBIPAED R VUG FF A EERE L BHLESR
PORRAFFFT AR @23 BL P % A I FEHB LR TFIT
R L RO 4 F - B blho A TAFE R §F & B TAALF
§ 0 RS S YINE S APRERC S R RF 0 R
ELAER 2 2REAEY I REAFASE R L AR FILE L

ST Y AR HERR B R A€ R ?Mf’ﬂ

LEFTR

TR E
ACM Conference on Knowledge Discovery and Data Mining (ACM SIGKDD)
ACM Conference on Recommender Systems (ACM Recommender Systems)
ACM International Conference on Web Search and Data Mining (ACM WSDM)
ACM Special Interest Group on Electronic Commerce (ACM SIGecom)
ACM Special Interest Group on Information Retrieval (ACM SIGIR)
ACM Workshop on NetGames (SIGCOMM)
Conference on Artificial Intelligence (AAAI)
Conference on Learning Theory (COLT)
European Conference on Machine Learning and Principles and Practice of
Knowledge Discovery in Databases (ECML/PKDD)
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European Workshop on Multi-agent Systems (EUMAS)

Game Programming Workshop (GPW)

GAMEON Conferences

ICGA International Conference on Advances in Computer Games (ACG)
ICGA International Conference on Computer Games (CG)

IEEE Conference on Computational Intelligence and Games

IEEE International Conference on Data Mining (ICDM)

IEEE International Conference on Social Computing (SocialCom)

Innovative Applications of Artificial Intelligence Conference (IAAI)
International Conference on Advances in Social Network Analysis and Mining
(ASONAM)

International Conference on Autonomous Agents and Multiagent
Systems(AAMAS)

International Conference on Information and Knowledge Management (CIKM)
International Conference on Intelligent Agent Technology (IAT)

International Conference on Intelligent Virtual Agents (IVA)

International Conference on Machine Learning (ICML)

International Conference on Principles and Practice of Multi-Agent Systems
(PRIMA)

International Conference on Theoretical Aspects of Rationality and Knowledge
(TARK)

International Joint Conferences on Artificial Intelligence (1JCAI)

International World Wide Web Conference (WWW)

Neural Information Processing Systems (NIPS)

SIAM International Conference on Data Mining (SDM)

Uncertaincy in Artificial Intelligence (UAI)

Workshop on Internet and Network Economics(WINE)

ACM Transactions on Knowledge Discovery from Data

ACM Transactions on Intelligent Systems and Technology

Al in Design (AID)

Al in Education (AIED)

Al in Medicine

Autonomous Agents and Multi-Agent Systems (IFAAMAS, Springer)

Data Mining and Knowledge Discovery

ICGA Journal

IEEE Transactions on Computational Intelligence and Al in Games (T-CIAIG)
IEEE Transactions on Evolutionary Computation

IEEE Transactions on Knowledge and Data Engineering
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INTEGERS

International Journal of Agent-Oriented Software Engineering (IJAOSE,
Inderscience)

Journal of Machine Learning Research (JMLR)

Machine Learning Journal (MLJ)

Medical Image Analysis

Theoretical Computer Science

Web Intelligence and Agent Systems: An International Journal (WIAS, IOSPress)
Web Semantics: Science, Services and Agents on the World Wide Web(Elsevier)

LIt 3 < (Survey paper) 2 %% < 3 (Tutorial)

Agent Technology: Computing as Interaction -- A Roadmap for Agent-Based
Computing, Compiled, written and edited by Michael Luck, Peter McBurney, Onn
Shehory, Steve Willmott and the AgentLink Community, (2005),
http://www.agentlink.org/roadmap/al3rm.pdf

B. Bouzy and T. Cazenave. Computer Go: An Al-Oriented Survey, Artificial
Intelligence, 132(1), 39-103, (October 2001).

Broder, E. Josifovski, V. Gabrilovich. Information Retrieval Challenge on
Computational Advertising, SIGIR 2010.

C. Faloutsos, G. Miller, and C. Tsourakakis. Large Graph-Mining: Power Tools and
Practitioner's Guid, KDD 2009

C.J.C. Burges, A Tutorial on Support Vector Machines for Pattern Recognition

C. M. Bishop. Pattern Recognition and Machine Learning

D. Jiang, J. Pei, and H. Li. (2010). Search and Browsing Log Mining for Web
Information Retrieval: Challenging, Methods and Applications. Tutorial at SIGIR
2010, Geneva, Swiss.

E. Agichtein. (2010b). Inferring Searcher Intent. Tutorial at WWW 2010, Raleigh,
NC, USA.

G. Adomavicius, and A. Tuzhilin. Context-Aware Recommender Systems, ACM
Conference on Recommender Systems 2008.

H. J. van den Herik, J. W. H. M. Uiterwijk, and J. van Rijswijck. Games solved:
Now and in the Future. Artificial Intelligence, 134:277-311, 2002.

I. H. Witten, E. Frank. Data Mining: Practical Machine Learning Tools and
Techniques

J. Golbeck. Using Social Trust for Recommender Systems, ACM Conference on
Recommender Systems 2009.

J. Han, Y. Sun, X. Yan, and P. S. Yu, Mining Heterogeneous Information Networks,
KDD 2010
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B J. Leskovec. Modeling Social and Information Networks: Opportunities for
Machine Learning, ICML 2009

B J. Leskovec, and C. Faloutsos. Tools for Large Graph Mining: Structure and
Diffusion, WWW 2008

B K. Murphy. A Brief Introduction to Graphical Models and Bayesian Networks

B L. Galway, D. Charles, M. Black. Machine Learning in Digital Games: a survey,
Artificial Intelligence Review, v.29 n.2, p.123-161, April 2008.

B M. Mahoney. Geometric Tools for Graph Mining of Large Social and Information
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